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What is the paper about?

* Dictionary is often appended t@@rBQB@UeI
COrpus te-Hapreve-aherreri—@—

At'g%odtalctlonary is labour-intensivBata-driven

How good is a coarse dictionary to
improve alignment for MT?

* An approach may sound linguistically absurd
but can still work
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Introduction

* The right alignment is crucial

* We append pseudo-parallel data to a parallel
COrpus

* Our pseudo-parallel data is derived from a
coarse dictionary obtained from a multilingual
topic model



Dataset

* English-Hindi MT
e 25000 parallel English-Hindi sentences
* Health and tourism domain
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Multilingual topics

TOPIC1 TOPIC2 TOPIC3 TOPIC4
vitamin HET clean TH disease —— =T cancer HET
quantity ICHIEE] acid T blood —— &g nose AT
amount e ulcer HewT heart —— @& breast Rierag
large asr stones TiEs diabetes e Rl complaint / Ty
months AH asthma gsdrl increases —— @¢ uterus g
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Topics to pseudo-parallel data

English Topic (i) Hindi Topic (i) E nglish Topic (i) Hindi Topic (i)
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Novel approach: Sentential Approach

“Vitamin quantity amount large months”
Existing approach: Cartesian Product

Approach
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Experimentation

» Baseline (Only parallel corpus)

e Baseline + Pseudo-parallel data (Cartesian
Product)

e Baseline + Pseudo-parallel data (Sentential
Approach)

* Baseline + English-Hindi dictionary



Results (1/2): For Z =50

Health | Tourism
No dictionary (Base- | 26.14 28.68
line)
Cartesian product | 25.98 28.44
Approach (50 topics)
Sentential Approach | 26.25 27152
(50 topics)
Full dictionary 26.31 29.30
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Conclusion & Ongoing Work

* A coarse dictionary generated from
multilingual topic models can be used to
generate pseudo-parallel data

e With the right choice of number of topics, an
improvement in BLEU score is observed

* Ongoing work: (a) Experimentation with multiple
Indian languages, (b) Capturing inflected forms using
multilingual topics
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